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Abstract 

 
Quantum computing and artificial intelligence (AI) will undoubtedly change the concept of supply chain management (SCM), 
particularly in a world where environmental sustainability, efficiency, and resilience are becoming more and more important to global 
industries. Massive optimisation, managing uncertainty, and the impact of the environment on logistics and production mitigation are 
the problems that have overshadowed traditional supply chains. Unsolvable combinatorial problems that classical systems could not 
possibly solve will be resolved by the advantages of quantum computing and its unmatched computing power. This study combines 
predictive analytics, case studies of top corporations, and a thorough review of the body of existing literature to approximate the impact 
of Quantum-AI on Supply Chain Management (SCM). By combining AI with predictive analytics, decision-making, and pattern 
recognition, Quantum AI systems have the potential to support not only comprehensive visibility and responsive real-time logistics, but 
also efficient resource allocation. Three areas need to be investigated: improving supply chain resilience, optimising dynamic routes, and 
information flow to aid in decision-making. According to some research, quantum computing is superior to other methods for scenario 
analysis and operational reorganisation, particularly in the areas of real-time route optimisation, package optimisation, and disruption 
management. To exemplify this, the major organizations such as DHL and FedEx have already adopted quantum-enhanced systems to 
realize a remarkable rise in the efficiency of logistics and resource allocation. The process of developing adoption of Quantum AI to 
supply chains is outlined in a structured development plan in three phases, including preliminary research and proof-of-concept (2025-
2030), pilot projects in big industries (2030-2035) and widespread adoption (post 2035), which can alter the world of global trade and 
sustainability standards. The earliest applications will be optimization of carbon footprints, automation of smart contracts, and 
modeling of circular economies. However, despite the potential there are a few challenges. Data incompatibility, cybersecurity, high 
implementation costs for quantum infrastructure, and the nascent nature of quantum hardware technologies have been identified as the 
main obstacles. Furthermore, because cross-functional skills are still lacking in supply chain management, artificial intelligence, and 
quantum knowledge, maximisation is still not possible. This study highlights the importance of taking into account the socioeconomic 
and ethical implications of quantum artificial intelligence in addition to its technical issues. Achieving sustainable results will require 
equitable access, technological imbalance, and environmentally friendly practices. Finally, the current research expands our knowledge 
of how Quantum AI can revolutionise supply chain operations and contribute to the creation of a more intelligent, resilient, and 
sustainable global economy. The findings have offered tenable suggestions to decision-makers, technology developers, and business 
executives who want to create a supply chain ecosystem that is prepared for the future. 
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 Introduction 
 
Different disruptions, industry demands for sustainability, and the growing complexity of the industry 
are also changing global supply chains. Traditional supply chain management (SCM) mechanisms have 
proven difficult to manage regarding large-scale optimisation, uncertainty management, and 
sustainability challenges, despite their efficacy in delivering various forms of incremental 
enhancements (Choi et al., 2023). To address these challenges and offer advanced computing 
capabilities alongside real-time decision-making assistance, emerging technologies such as artificial 
intelligence (AI) and quantum computing are now regarded as potential catalysts for revolution 
(Preskill, 2018; KPMG, 2023). 

Quantum computing, in particular, offers exponential speed advantages when it comes to solving 
combinatorial optimisation problems. This is very helpful for things like predicting demand, keeping 
track of stock, and planning logistics (Orus et al., 2019). Quantum states like entanglement and 
superposition let quantum systems do a lot of hard maths at once. This shortens the time it takes to 
optimise and model scenarios (Arute et al., 2019). This computing power lets supply chains respond to 
disruptions much better by changing routes, optimising packaging in real time, and modelling different 
ways to be more resilient (Glover et al., 2022). Quantum computing's potential is even greater when 
used with AI. While quantum computing can process large amounts of data quickly and is not 
constrained by classical computation, artificial intelligence has mastered predictive analytics, pattern 
recognition, and adaptive decision-making (Chandra, 2023). The combination of these technologies 
that is sometimes referred to as Quantum-AI is expected to enhance supply chain management (SCM) 
by facilitating the optimization of the logistics in real-time, facilitating the clear flow of information, and 
making the resources allocation sustainable. The first applications of quantum technologies in 
optimization of logistics have already been presented in case studies at such organizations as DHL and 
FedEx, which means that the industry is interested and moving (DHL, 2022). 

However, currently, the application of Quantum-AI to supply chains remains immature because of 
high costs of implementation, data compatibility problems, and cybersecurity risks (KPMG, 2023; Choi 
et al., 2023). Also, socio-economic and ethical considerations such as equitable access, environmental 
management, etc. must be carefully addressed in ensuring that the technology creates a sustainable 
and inclusive global economy (Orus et al., 2019). The paper will explore the impact of Quantum-AI on 
the traditional supply chain management (SCM) in the context of dynamic optimization of routes, 
resilience and efficiency in decision making. It also provides the estimated route of development, 
potential obstacles and socio-economic consequences which are the strategic data to policy-makers, 
technologists and industrial executives. 
 

 Aim and Intention of the Study 
 
Examining how Quantum-AI transforms supply chain management—specifically, sustainability, 
efficiency, and resilience—is the goal of the study. In order to determine the theoretical and practical 
implications of Quantum-AI for SCM, the study employs a mixed-method approach that includes 
scenario modelling, case studies involving well-known companies, and an analysis of the body of 
existing literature. It focusses on three main issues in particular: Dynamic Route Optimisation: This 
paper explains how real-time changes to distribution and transportation networks can be 
accommodated by quantum algorithms. Quantum-AI's potential to enhance supply chain resilience in 
the face of disruptions like natural disasters or fluctuating demand is being evaluated. Information flow 
optimisation: investigating how this technology can automate and speed up data management to 
improve decision-making processes. The study's scope also looks into the adoption's limitations, taking 
into account socioeconomic, technological, and financial barriers. The study also emphasises the 
sustainability and ethical concerns that must be resolved for it to be implemented equitably and as an 
environmentally conscious policy. The findings are meant to help industry leaders, technologists, and 
policymakers create supply chains that are prepared for the future and enabled by Quantum-AI by 
offering strategic insights. (Shown in figure 1) 
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Figure-1: Illustration of a conceptual framework that demonstrates how the integration of Quantum-AI 
facilitates sustainable supply chains by means of dynamic route optimization, enhancing resilience, 
optimizing information flow, and contributing to sustainability and carbon reduction. 
 

 Quantum-AI Capabilities in Supply Chain Management 
 
Quantum Computing/Artificial Intelligence (AI) is capable of transforming supply chain management 
(SCM) because it can resolve optimization, resilience, and sustainability challenges that begin to 
assume vital significance in the global operations. Quantum computing provides previously unseen 
machine computational capabilities to process large amounts of structured and unstructured supply 
chain information, enhances predictive analytics, machine learning, and decision making, provides real 
time visibility in a multifaceted supply chain and assists in alleviating disruptions (Schuld & Killoran, 
2019). Simultaneously, predictive analytics, machine learning, and decision-making are also increased 
with the help of AI and allow providing a transparent picture in an intricate supply chain in real-time 
and improving the capabilities to anticipate disruptions (Schuld and Killoran, 2019). Along with 
operational efficiency, there is another important implication of the Quantum-AI in the way to the 
future-ready supply chain due to the provision of a framework where quantum algorithms increase the 
speed of computations and AI provides flexibility and learning capabilities. Coupled with the fact that 
quantum models are capable of simulating an extremely complex network to offer optimal energy 
usage, reduce transportation emissions, and enhance the performance of warehouses, the supply 
chains are able to react to disruptions and even enable the resources allocation countable (Jami, 
2025).In addition to the fact that AI can handle real-time data on sensors, IoT devices, and enterprise 
systems, the supply chains can react to disruptions and it can also make the resources allocation 
countable. Firms that have already tried such technologies have already reaped their advantages, and 
Volkswagen experimented the possibility of using quantum-assisted optimization of traffic flows, and 
Airbus focused on the research of quantum computing to support its logistics and aerospace delivery 
(Biamonte et al., 2017). These changes show how Quantum-AI could provide complete visibility, 
flexible logistics, and resource placement that will make supply chains smarter, more sustainable, and 
more resilient in the long run (see Table-1). 
 
3.1 Comprehensive Supply Chain Visibility 
 
In supply chains, quantum-AI can process a lot of information from suppliers, warehouses, and logistics 
providers at the same time. This means that you can see everything and not just respond to problems 
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and inefficiencies (Zhang et al., 2024). This is also augmented by artificial intelligence, which uses 
predictive analytics to predict what is expected to be demanded and what anomalies to expect to make 
real-time information about them, which may inform the strategic decisions (Ivanov and Dolgui, 2020). 
 
3.2 Adaptive Real-Time Logistics 
 
Dynamic routing in logistics is one of the most promising uses of Quantum-AI. When there is a limit, 
like bad weather or heavy traffic, quantum algorithms can look at millions of routing options at once, 
which makes them very useful for efficiency (Chandra, 2023). AI backs this up by using self-learning 
logistics systems that can handle changes on their own, which makes supply chains stronger (Sodhi and 
Tang, 2020). 
 
3.3 Efficient Resource Allocation 
 
To be sustainable, resources must be used in the best way possible. Model optimisation frameworks 
improved with quantum optimisation (Carlos, 2025) make it easier to use energy, transportation, and 
warehouse space more efficiently. When AI-based machine learning models are used with supply 
chains, they can keep getting better at saving energy, optimising packages, and keeping track of 
inventory. Research indicates that hybrid quantum-classical methods have the potential to yield 
significant cost savings and environmental benefits (Nikolaj et al., 2018). 
 
Table-1: Quantum-AI Capabilities in Supply Chain Management 
 

Capability Quantum Contribution AI Contribution Expected Impact 

Comprehensive 
Supply Chain 
Visibility 

Quantum algorithms 
integrate supplier, 
production, and logistics 
data for global network 
optimization (Zhang et al., 
2024). 

Predictive demand 
forecasting and anomaly 
detection enhance real-
time decision-making 
(Ivanov & Dolgui, 2020). 

End-to-end 
transparency, 
improved risk 
anticipation, and 
supply chain agility. 

Adaptive Real-
Time Logistics 

Quantum systems evaluate 
millions of routing options 
in parallel for real-time 
optimization (Chandra, 
2023). 

AI-driven logistics systems 
autonomously adapt to 
changing conditions (Sodhi 
& Tang, 2020). 

Faster disruption 
response, resilient 
operations, reduced 
delays. 

Efficient Resource 
Allocation 

Quantum optimization 
improves transport, 
warehousing, and energy 
use efficiency (Carlos, 
2025). 

AI learns from operational 
data to optimize inventory, 
energy, and packaging 
systems (Nikolaj et al., 
2018). 

Reduced costs, lower 
emissions, sustainable 
operations. 

 
 Methodology 

 
4.1 Scenario Modeling 
 
This research utilises scenario modelling to ascertain the prospective impacts of Quantum-AI 
integration within supply chains, particularly regarding demand fluctuations, supply disruptions, and 
sustainability challenges, among various other factors. By utilising diverse market and operational 
conditions, the researchers can evaluate the potential to improve the logistics, routing, and decision-
making of Quantum-AI in uncertain environments (Schoemaker, 1995). This method reduces risks and 
opportunities by letting people look into the possibilities of "what if" scenarios, such as when the global 
supply chain fails, demand changes, or businesses have to cut their carbon footprint. Scenario 
modelling has also been widely used in the area of supply chain resilience, where it offers a more 
structured way to predict how the system will respond to unexpected shocks. This research integrates 
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quantum-enhanced algorithms into scenario models that replicate complex challenges in logistics 
combinatorics, such as inventory management and vehicle routing. Other researchers' papers show 
that quantum-inspired models can make traditional simulation methods much better (Van der Heijden 
et al., 2002). When AI features like machine learning are added, these kinds of situations can also help 
with adaptive decision-making that can be changed in real time as new information is added. Lastly, 
sustainability impact is measured through the framework of scenario modelling i.e. reduction of carbon 
emission caused by an optimized routing or low-energy consuming production process. The 
methodology is in line with the world goals that regard climate change and resource optimization since 
it takes into account the scenarios centered on sustainability (Bradfield et al., 2005). Therefore, 
scenario modeling of this study would not only be applied to quantify the efficiency of operation but 
would also include the outcomes of resilience and sustainability. 
 
4.2 Case Studies of Notable Corporations 
 
The study is based on practice in applying Quantum-AI in a supply chain environment, where case 
studies are used to ground it. The large corporations such as DHL, FedEx, Volkswagen, and Airbus have 
already introduced trials or invested in quantum and AI technologies to simplify the logistics and 
operations (Orus et al., 2019). Using the analysis of the organizations, the research will get valuable 
information on the integration of the emerging technologies into the staple supply chain systems. The 
case study method is particularly applicable when it is necessary to investigate the modern trends 
within the quickly evolving environment to provide the detailed and context-specific data (Yin, 2018). 
The chosen case studies are devoted to such spheres as logistics, automotive and aerospace where 
optimization and resilience play a vital role. To exemplify further, DHL has been exploring quantum-
based applications to parcel routing and resource management, and Volkswagen has been exploring 
applications of quantum algorithms to optimization of traffic flow within cities. These instances also 
represent real indications of how quantum operations can increase productivity, cut down distractions 
and further the sustainability agenda (Kim, 2002). 

Also, the case study approach assists in establishing the issues such as high infrastructure cost, 
poor hardware and weaknesses in human resources skills. These problems are a reflection of the more 
general problems that industries face as they work to build supply chain infrastructures that are 
enhanced by quantum technology. According to Eisenhardt (1989), case studies also aid in the 
formation of theories because they link these real-world applications to newly developed academic 
theories, which makes them a crucial tool for this academic institution.. 
 
4.3 Dynamic Route Optimization 
 
In the logistics industry, dynamic route optimisation has been a serious problem. Companies are tasked 
with determining the most cost-effective and time-efficient routes while adhering to numerous 
restrictions. An almost optimal solution is typically provided by traditional heuristic solutions; 
however, as the supply chain becomes more globalised, this task becomes exponentially more difficult. 
It has been demonstrated that quantum algorithms, and in particular quantum annealing, have 
enormous potential to solve such issues more successfully than classical algorithms (Apolloni et al., 
1989). Real-time route optimisation in massive delivery networks is made possible by these 
algorithms' ability to try to search a far wider solution space. This process is enhanced by artificial 
intelligence, which provides real-time data feeds from traffic sensors, weather forecasts, and customer 
demand that can be modified to accommodate logistics plans. Logistics companies can reduce delays 
and operational costs by using AI-based optimisation systems to respond quickly to infrastructure 
failures, such as traffic jams or severe weather conditions (Jeffrey, 2017). When paired with quantum 
models, this provides an effective, adaptable, and scalable logistics framework. Furthermore, dynamic 
routing plays a critical role in sustainability practices. By continuously recalculating the delivery routes 
to reduce the amount of travel and fuel consumption, quantum-AI solutions will help businesses meet 
their carbon reduction targets and fulfil their pledges to reduce carbon emissions (Dekker, Bloemhof, 
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and Mallidis, 2012). This outlines the two-fold advantage of operational low cost and environmental 
sustainability. 
 
4.4 Enhancing Supply Chain Resilience 
 
The concept of supply chain resilience has been receiving an increasing amount of attention because 
the significant disruptions in the world have taken place, including the COVID-19 pandemic, geopolitics, 
and climate-related events. Quantum computing can simulate any level of disruption and identify the 
most effective contingency planning with unmatched precision (Amin, 2011). This ability lets 
companies put their supply chains through tough tests, find problems, and come up with flexible 
recovery plans. With the help of AI, anomaly detection and predictive analytics can help with resilience. 
Machine learning algorithms that learn from past data can find signs of a disruption that is about to 
happen early, such as suppliers being late or stock running out (Dmitry et al., 2019). Managers can take 
proactive steps based on the results of these activities. These steps could include changing suppliers or 
moving resources around before the disruptions spread through the system. Together, the combination 
of Quantum-AI helps in creating supply chains that are efficient as well as flexible to volatility. By 
striking a balance between efficiency and redundancy, companies can prepare for rare but impactful 
events. Researchers contend that designing for resilience is increasingly becoming a fundamental 
strategic priority in global supply chains, ensuring both survival and competitiveness (Sheffi, 2013). 
(Shown in figure-2) 
 

 
 
Figure-2: Depicts how Quantum-AI improves the resilience of supply chains beginning with global 
disruptions, advancing through quantum and AI technologies, and culminating in a robust and 
sustainable supply chain. 
 

 Improving Information Flow for Decision-Making 
 
Contemporary supply chains are characterized by a high volume of data, necessitating the ongoing 
exchange of information among suppliers, manufacturers, logistics providers, and customers. Quantum 
computing provides the capability to process and synchronize extensive datasets among these 
participants, enabling quicker and more precise decision-making (Feynman, 1982). This ability is 
essential in situations where immediate decisions can greatly influence performance. Artificial 
Intelligence further enhances this area through sophisticated analytics, natural language processing, 
and cognitive computing systems that transform raw data into practical insights. These technologies 
enhance the forecasting of demand, planning of procurements, and customer service through 
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interpretation of unstructured data sources like social media, customer feedbacks, and IoT-based 
devices (Russell and Norvig, 2020). The AI coupled with quantum technologies make sure that the 
decisions made are both informed with the data and computational in scale. There is also enhanced 
information flow that leads to collaboration and trust in supply chains. The transparency, reduction of 
fraud, and compliance with sustainability regulations can be ensured by secure quantum 
communication methods and blockchain-based smart contracts (Gunnar, 2019). This creates a digitally 
integrated supply chain environment in which timely, reliable, and strategic goals-oriented decisions 
are made. 
 
5.1 Dynamic Route Development 
 
One of the most wanted uses of quantum computing in transportation and logistics is to create dynamic 
routes. Classical algorithms could get very complicated very quickly because of large fleets and 
complicated delivery routes. Quantum optimisation algorithms, such as the Quantum Approximate 
Optimisation Algorithm (QAOA) (Farhi, Goldstone, and Gutmann, 2014), can examine a broader 
solution space in near real-time. Because of changing conditions, like when customers' needs change, 
traffic jams, or fuel prices go up, logistics companies can change their routes all the time. Artificial 
intelligence also improves this process by using information from GPS, IoT sensors, and weather apps 
to make guesseforecasts. Quantum systems can be used to figure out the best routes again, and 
machine learning models can look at these data streams to guess when there will be delays or traffic 
jams (Kumar et al., 2017). Logistics companies can save money and improve service quality by 
planning their routes in smart ways that work together. Industry leaders are testing these systems. The 
Volkswagen team, for instance, showed how putting a quantum-based traffic flow optimisation system 
in Beijing could cut down on emissions and traffic jams by a lot (Neukart et al., 2017). This is one way 
that dynamic route optimisation can help find a balance between sustainability and economics. 
 
5.2 Parcel Optimization 
 
Parcel optimisation is the process of efficiently packing, allocating, and delivering packages in order to 
cut costs and have less of an impact on the environment. Quantum computing is especially good at this 
area because it can solve bin-packing and knapsack problems, which are very hard for classical 
computing systems (Lucas, 2014). Quantum models can show the best ways to use space in delivery 
vehicles or warehouses by comparing a lot of configurations at once. 

Artificial Intelligence (AI) supports such efforts further by studying the patterns of customer 
demand, seasonal changes, and the size of the product to determine the most efficient approach to 
packing. An example is that deep learning algorithms can predict packaging needs during peak times, 
such as holidays, and can automatically adjust the activities of the warehouse in this regard (Harish, 
2021). Together, Quantum-AI has the potential to save a lot of space, lower shipping costs and less 
packaging materials. These developments have practical implications to be seen in large e-commerce 
businesses. Amazon, as an example, invested significantly in the AI-powered warehouse robots that 
improve the efficiency of parcel management and storage. Even though these systems are yet to be fully 
functionalized with quantum technology, quantum optimization can significantly improve throughput 
and operational efficiency of similar systems (Boysen, de Koster, and Weidinger, 2019). 
 
5.3 Disruption Management 
 
Disruption management has become a key element against world shock like pandemics, geopolitical 
turmoil and natural disasters. Quantum computing allows companies to simulate multiple disruptive 
events at the same time to plan contingencies faster and more accurately (Orus, Mugel, and Lizaso, 
2019). Such simulations help companies identify weaknesses and formulate adaptive tactics without 
the constraints of trial and error of conventional approaches. AI is also a very important tool because it 
reveals disruptions and predicts them before they can happen. Neural network and reinforcement 



Interdisciplinary Journal of Research and Development 
ISSN 2410-3411 (online) │ ISSN 2313-058X (print) 

Vol 13 │No 2 │July 2026 

    

 

 639 

learning-based predictive analytics tools also have the potential to monitor the supplier performance, 
geopolitical risks, and climatic data to give early warnings (Ivanov and Dolgui, 2020). These insights, as 
combined with quantum systems, enable agile crisis decision-making. These organizations like Airbus 
have started to look into quantum optimization to manage risks in their supply chains and aim to 
minimize delays and mitigate the ripple effect of disasters (Biswas et al., 2025). These initiatives 
illustrate how disruption management, enhanced by Quantum-AI, can foster resilience and maintain 
operational continuity even amidst extreme uncertainty. (Shown in figure-3) 
 

 
 
Figure-3: Illustrates the visual framework, showing how Quantum-AI enhances the three primary 
applications: Dynamic Route Development, Parcel Optimization, and Disruption Management. 
 
5.4 Roadmap for Quantum-AI Adoption 
 
2025–2030: Foundational Research and Proof-of-Concept  

The initial stage of Quantum-AI integration in supply chain management (SCM) will focus on 
essential research and proof-of-concept initiatives. Throughout this timeframe, progress in quantum 
hardware, including error correction and scalability, will be vital for facilitating significant industrial 
applications. Collaborations among academic institutions, technology companies, and logistics firms 
are anticipated to increase, concentrating on assessing the computational benefits of quantum 
techniques compared to classical systems (Preskill, 2018). These foundational investigations will lay 
the theoretical and experimental foundation for merging AI’s predictive abilities with quantum solvers 
in logistics optimization. Moreover, it is expected that governments and international organizations 
will allocate resources to quantum research to gain a competitive advantage in the digital economy. 
Initiatives such as the European Union’s Quantum Flagship and the U.S. National Quantum Initiative 
exemplify these strategic investments, which are projected to evolve into specialized SCM research 
during this period (Gyongyosi & Imre, 2019). The result will be a more precise understanding of where 
Quantum-AI can provide the most practical benefits, especially in logistics routing, demand forecasting, 
and risk assessment. The focus will not be on large-scale applications at this stage, but rather on 
evaluating small-scale prototypes within controlled supply chain environments. These pilot initiatives 
will uncover technological challenges, such as algorithm stability, information compatibility, and skill 
shortages, while also demonstrating the efficacy of hybrid quantum-classical AI products (Bharti et al., 
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2022). 
2030–2035: Pilot Projects in Key Industries 
Between 2030 and 2035, it is expected that pilot projects will be carried out by diverse industries 

that are expected to show the practical applications of Quantum-AI in the Supply Chain Management 
(SCM) field. Such highly-developed industries as logistics, manufacturing, and energy are supposedly 
the first to adopt it because of their dependence on complex optimization processes. The applications 
that are going to be tested in these pilot projects will include dynamic route optimization, intelligent 
warehousing, and simulations of supply disruption, demonstrating improvements in cost-efficiency and 
service reliability (Chen, 2021). One of the major forces behind this step will be the growing need to 
comply with sustainability standards. Quantum-AI frameworks will be experimented on the 
optimization of carbon footprints, which will help enterprises minimize emissions during the logistics 
chains and manufacturing operations. By utilizing quantum solvers for extensive resource allocation 
and AI for predictive sustainability analytics, organizations can achieve rigorous climate objectives and 
adhere to regulatory mandates (Ahmad, 2022). In addition, blockchain-enabled smart contracts, 
augmented with AI-driven decision-making and quantum-secured encryption, are projected to 
automate procurement and logistics agreements, thus minimizing fraud and administrative burdens 
(Christidis & Devetsikiotis, 2016; renewed relevance post-2020 in logistics). These pilot projects will 
provide essential insights into operational scalability, cybersecurity vulnerabilities, and the business 
rationale for wider adoption. 

Post-2035: Extensive Adoption and Global Change 
Following 2035, the extensive integration of Quantum-AI in Supply Chain Management (SCM) is 

anticipated to fundamentally alter global trade and sustainability benchmarks. By this time quantum 
devices are expected to achieve significant fault tolerance and scalability that will enable real-time 
cooperation with AI across the entire supply chain systems (Arute et al., 2019). Businesses will be able 
to transition from reactive management to fully predictive, flexible, and automated supply chain 
management ecosystems thanks to this synergy. The wide use of circular economy modelling will be 
one of the outstanding attributes of this stage. Using quantum-AI solutions, businesses will have an 
opportunity to optimise product life cycle, including its recovery and recycling, to develop closed-loop 
supply chains that reduce the amounts of waste and increase resource reutilisation (Geissdoerfer et al., 
2020). The development will align supply chain management (SCM) operations with the global 
sustainability goals and corporate Environmental, Social, and Governance (ESG) models. Such a wide 
adoption will significantly influence global trade, the competitiveness of different industries, and 
socioeconomic equity and will lead to the new pattern of intelligent, sustainable, and ecologically 
conscious supply networks. To avoid technological monopolies and to ensure that the smaller 
economies gain out of the transition, scientists assume that fair access to quantum artificial intelligence 
will be among the factors of differentiation (Dwivedi et al., 2021). As a consequence, ethical system of 
governance and global standards will be imperative in this new era. 
 

 Challenges and Barriers in Quantum-AI Adoption for SCM 
 
6.1 The High Costs of Infrastructure for Quantum Systems 
 
The huge cost of infrastructure is one of the main reasons as to why Quantum-AI is not widely adopted 
in supply chain management (SCM). Due to the more complex construction of quantum computers 
(such as error-compensated qubits and cryogenic cooling systems), quantum computers are much 
more costly to create and run compared to classical computing systems (Arute et al., 2019). These costs 
pose a major obstacle to small and medium-sized businesses (SMEs), and they also reward the few 
governmental organizations and technology giants to continue to experiment and implement. Besides 
the cost of the purchase, the operating expenses of quantum hardware are out of this world. Large-
scale qubit implementations are not economical due to the high energy usage of the qubits and their 
extremely specialised maintenance needs (Bharti et al., 2022). This constraint hinders the 
experimentation in the industry and adds more time in its implementation. The answer to this issue is 
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thereby taking a new direction with cloud-based quantum services that are starting to promise. 
Through the services offered by such companies as IBM, Google, and Amazon known as Quantum 
Computing as a Service (QCaaS), nowadays businesses may access quantum solvers without purchasing 
the hardware (Gambetta, 2020). This model, in spite of its potential, is associated with the issues of 
data security and equity in different sectors. 
 
6.2 Cybersecurity Vulnerabilities 
 
The advancement of quantum computing poses significant cybersecurity threats, particularly to 
conventional encryption methods. For example, Shor's algorithm shows how quantum systems can 
break some of the most common cryptographic algorithms, like RSA. This makes the data sent through 
supply chains less secure (Shor, 1999). This situation is a puzzle because quantum systems that are 
supposed to make supply chains more resilient end up breaking cybersecurity rules. Because many 
people are involved, supply chains are also very likely to have data breaches. Any failure at any point 
involving suppliers or logistics providers can put the security of the whole network at risk (Boyson, 
2014). Thus, the addition of quantum systems without corresponding performance improvements in 
quantum-safe cryptography may increase systems vulnerabilities.. In response to these challenges, 
researchers are making strides in post-quantum cryptography (PQC) and quantum key distribution 
(QKD) as potential solutions. PQC algorithms, which are engineered to withstand quantum assaults, are 
being standardized by entities such as NIST, while QKD provides theoretically unbreakable encryption 
techniques (Mosca, 2018). Nevertheless, until these technologies achieve widespread adoption, 
cybersecurity continues to be a significant barrier to implementation. 
 
6.3 Data Compatibility Challenges 
 
The adoption of Quantum-AI in Supply Chain Management (SCM) faces significant data compatibility 
issues. The diverse data formats and legacy IT infrastructures present in supply chain systems 
complicate the integration into quantum platforms. To be effectively processed by hybrid quantum-
classical systems, disparate datasets originating from sensors, ERP systems, and logistics networks 
must first be standardized (Sodhi & Tang, 2019). Additionally, AI models necessitate substantial 
amounts of high-quality training data to produce accurate predictions; however, inconsistent or 
fragmented datasets can diminish performance. In the context of multinational supply chains, 
challenges related to data sovereignty and sharing restrictions further hinder integration efforts (Hu & 
Ma, 2026). If interoperability issues are not resolved, the effectiveness of Quantum-AI solutions will 
continue to be limited. Emerging industry collaborations focused on data governance frameworks are 
being recognized as potential remedies. Initiatives like the EU’s GAIA-X project highlight the 
importance of developing standardized, secure, and interoperable data infrastructures across various 
industries, including supply chains (European Commission, 2021). Such frameworks are essential for 
realizing the complete potential of Quantum-AI. 
 
6.4 Immature Quantum Hardware 
 
Quantum hardware is still in the early stages of its development. Presently, devices are confined to 
noisy intermediate-scale quantum (NISQ) systems, which are plagued by issues such as qubit 
decoherence, noise, and scalability (Preskill, 2018). These challenges hinder the reliable resolution of 
extensive, real-world supply chain issues. Although there has been consistent advancement, fault-
tolerant quantum computers that can support large-scale applications are not anticipated to emerge 
until the mid-2030s. In the interim, supply chain management (SCM) applications will depend on 
hybrid systems that integrate both quantum and classical computing (Bharti et al., 2022). This reliance 
introduces additional complexities in system design and impedes widespread adoption. Hardware 
innovation is advancing, with firms like IBM and Rigetti making strides in superconducting qubits, 
while others such as IonQ and Honeywell concentrate on trapped-ion technology. Nevertheless, the 
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absence of a standardized hardware development path complicates long-term investment 
commitments for industries. 
 
6.5 Shortage of Cross-Functional Expertise 
 
A significant obstacle is the lack of expertise that can effectively integrate Supply Chain Management 
(SCM), Artificial Intelligence (AI), and quantum computing. Successful implementation necessitates 
professionals who are proficient in quantum algorithms, AI modeling, and logistics operations; 
however, such cross-functional talent is still in short supply (Nasreen, 2024). This deficiency hampers 
both research and practical application. Many supply chain managers are not well-versed in quantum 
principles, while a majority of quantum researchers do not possess the necessary domain knowledge in 
logistics. Closing this gap demands extensive educational programs, collaborations between industry 
and academia, and initiatives for workforce reskilling (Dwivedi et al., 2021). In the absence of these 
measures, organizations will find it challenging to progress beyond experimental projects. Various 
initiatives are being developed to address this issue. Programs like the Quantum Computing for 
Business (QCB) consortium and tailored academic curricula are designed to foster hybrid expertise. 
Nevertheless, the rate of training remains significantly slower than the pace of technological progress, 
highlighting the critical need to tackle this human capital shortfall (Kristin et al., 2024). (Shown in 
table-2) 
 
Table-2: Challenges vs. Implications in Quantum-AI Adoption for SCM 
 

Challenge Implications for SCM 

High Infrastructure Costs 
Limits adoption to large firms; SMEs excluded; dependence on QCaaS 
raises equity concerns 

Cybersecurity Vulnerabilities 
Risk of broken encryption; sensitive data exposure; urgent need for 
quantum-safe security 

Data Compatibility Issues 
Integration with legacy IT systems difficult; fragmented datasets reduce 
AI effectiveness 

Immature Quantum Hardware 
NISQ systems too noisy for large-scale SCM; hybrid approaches 
required until 2035+ 

Shortage of Cross-Functional 
Expertise 

Lack of talent in quantum + AI + SCM slows adoption; requires 
reskilling & partnerships 

 
 Socio-Economic and Ethical Considerations 

 
7.1 Ensuring Fair Access and Preventing Technological Inequities 
 
Quantum-AI being integrated into supply chains poses a threat of widening the digital divide between 
large companies with developed infrastructure and small ones which are not able to adopt the 
technology. This scenario may only reinforce the pre-existing inequalities in international business, in 
which small and medium-sized enterprises (SMEs) already have difficulties competing with 
multinational corporations (Dwivedi et al., 2021). Without particular interventions, Quantum-AI can 
increase inequalities rather than decrease them. International organizations and governments should 
be in a position to make sure that technology access is non discrimination. Alliances between the 
government and industry, as well as subsidised quantum computing in the cloud, would provide SMEs 
with a low-cost entry point to Quantum-AI ecosystems (Jessica, 2025). These actions are essential for 
maintaining robust, diverse supply chains and promoting competitive equity. Internationally, equitable 
access necessitates coordinated policies that prevent a small number of powerful states from 
controlling all the essential technologies. Achieving more balanced technological ecosystems can be 
accomplished through initiatives like the EU Digital Decade framework or UNESCO's AI ethics 
guidelines (UNESCO, 2021). One significant step in reducing economic polarisation would be to expand 
such frameworks to incorporate quantum-AI. 



Interdisciplinary Journal of Research and Development 
ISSN 2410-3411 (online) │ ISSN 2313-058X (print) 

Vol 13 │No 2 │July 2026 

    

 

 643 

7.2 Implementing Environmentally Responsible Strategies 
 
Quantum-AI holds promise for lowering carbon emissions associated with resource distribution and 
logistics optimisation, but its implementation should be done in an environmentally conscious manner. 
The energy-intensive cryogenic cooling required by current quantum computing hardware may offset 
some of the sustainability benefits of supply chain management optimisation (Stefanie, 2025). 
Therefore, it is necessary to strike a balance between calculating energy costs and environmental 
benefits. In order to overcome this challenge, researchers and business executives are developing 
energy-efficient quantum hardware and choosing which supply chain applications to grant in 
accordance with broader climate objectives. For instance, Quantum-AI can facilitate circular economy 
modeling, minimize waste, and enhance renewable energy logistics planning, thereby improving 
sustainability outcomes (George, Merrill, & Schillebeeckx, 2021). These applications, when guided by 
responsible frameworks, can synchronize quantum adoption with global sustainability ambitions. 
Additionally, policymakers should establish green technology standards for quantum infrastructure. By 
defining benchmarks for energy usage, carbon neutrality, and life-cycle sustainability, regulators can 
guarantee that the adoption of Quantum-AI supports, rather than undermines, environmental goals 
(Quswah et al., 2025). Such governance will be vital for legitimizing widespread industrial adoption. 
 
7.3 Addressing the Ethical Implications of Large-Scale Automation and Data Use 
 
The incorporation of Quantum-AI into supply chains presents significant ethical dilemmas concerning 
automation. Although automation can enhance efficiency, it simultaneously poses a threat of job loss in 
logistics, warehousing, and planning roles (Frey & Osborne, 2017). The ethical implementation of such 
technologies necessitates a careful balance between efficiency improvements and the reskilling and 
transition programs that equip workers for new positions in digital and quantum-enabled supply 
chains. Another major issue pertains to data ethics. Quantum-AI heavily depends on extensive data 
inputs for predictive analytics and optimisation, raising concerns regarding privacy, consent, and 
surveillance. Unregulated data collection could result in the exploitation of personal information within 
global supply chains (Jobin, Ienca, and Vayena, 2019). Ethical frameworks must therefore prioritise 
transparency, accountability, and equity in data utilisation. Furthermore, ethical discourse includes the 
freedom to make choices. Because Quantum-AI can make very complicated decisions about supply 
chains, it is very important to find the right balance between human control and machine freedom. It is 
important for the ethical development of AI technologies to be able to explain why AI makes certain 
choices while still holding people responsible (Rahwan et al., 2019). 
 

 Strategic Foresight and Policy Implications 
 
8.1 Frameworks for responsible technology governance 
 
In order to make sure that Quantum-AI is applied in supply chains in a responsible and fair manner, 
strong governance regimes have to be in place. Since quantum systems are capable of much maths, 
regulators have a strong reason to keep an eye on them in order to reduce risks of monopolisation of 
the markets, cyber-attacks, and their abuse (Floridi and Cowls, 2019). Rather than allowing a small 
group of individuals to enjoy the benefits of adoption, the policy makers are supposed to strive towards 
coming up with moral standards that strike a balance between the social responsibility and 
technological advancement. Environmental protection should be given a lot of emphasis by responsible 
governance. Unless properly configured, quantum computing infrastructure can consume significant 
amounts of energy, despite the fact that it would be useful in reducing carbon footprint by making 
supply chains more efficient. Therefore, it is essential to establish sustainability standards for the 
development and deployment of quantum hardware (Stefanie , 2025). Aligning governance 
frameworks with global sustainability objectives, such as the UN Sustainable Development Goals 
(SDGs), is critical for ensuring long-term environmental responsibility. International cooperation will 
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be fundamental to effective governance. Given that supply chains operate on a global scale, inconsistent 
regulations across different regions could hinder interoperability and delay adoption. Initiatives that 
cross borders, such as the EU’s ethical AI frameworks and the ongoing OECD guidelines, should be 
expanded to encompass Quantum-AI applications within supply chains (OECD, 2019). Such 
coordinated efforts can promote trust, transparency, and shared standards, which are essential for 
sustainable global trade. 
 

 Recommendations for Industry Leaders and Policymakers 
 
It is recommended that industry leaders adopt a gradual approach to the integration of Quantum-AI. 
Businesses should initiate pilot projects in specific areas of the supply chain, such as route optimization 
or reducing carbon footprints, prior to embarking on large-scale implementations (Lee & Trimi, 2016). 
Organizations can reduce risks and put themselves at the forefront of innovation by funding 
experimental projects and creating hybrid quantum-classical systems. Policymakers should make it a 
top priority to encourage innovation while also dealing with issues of access and fairness. Funding 
from the government, tax breaks, and partnerships between the public and private sectors can all 
speed up research and development. Certain policies aim to make Quantum-AI technologies accessible 
to small and medium-sized enterprises (SMEs) and prevent the concentration of technology within 
large corporations (Bughin et al., 2019). There should also be programs to help people learn new skills 
that combine supply chain management, artificial intelligence, and quantum computing. Ultimately, the 
primary objective of collaboration between legislators and business leaders should be the formulation 
of global standards for the ethical application of quantum artificial intelligence in supply chains. This 
includes metrics for environmental performance, quantum-safe cybersecurity protocols, and data 
interoperability. Leaders can create a supply chain ecosystem that is resilient, sustainable, and future-
focused by implementing policies that are motivated by foresight today (George, Merrill, and 
Schillebeeckx, 2021). 
 

 Conclusion 
 
A more intelligent, robust, and sustainable supply chain management (SCM) ecosystem is anticipated 
with the advent of quantum computing and artificial intelligence (AI). The predictive and adaptive 
capabilities offered by AI, combined with the unparalleled power of quantum computing, enable 
companies to achieve dynamic route optimization, manage disruptions effectively, and improve 
information flow on scales that were previously beyond reach. These considerations are particularly 
crucial in tackling global challenges related to uncertainty, efficiency, and sustainability, making 
Quantum-AI an essential component of future supply chains. Nevertheless, the adoption of Quantum-AI 
faces several technical, economic, and ethical challenges despite its potential. A significant issue is the 
high cost of infrastructure, along with the lack of cybersecurity, inadequate hardware, and the need for 
cross-functional expertise. Additionally, the socio-economic implications of equitable access, labor 
displacement, and responsible information management highlight the importance of establishing 
comprehensive frameworks that ensure technological advancements benefit all stakeholders fairly. 
These issues will necessitate cooperative efforts at the policy, business, and academic levels that are 
directed by ethics and strategic foresight. Quantum-AI is not only a technological revolution, but it is 
also one of the most significant shifts in the organisation, optimisation, and management of global 
supply chains, as this paper has highlighted. For researchers, this field offers a wealth of opportunities 
for creating hybrid computational models, creating sustainable structures, and researching the socio-
technical aspects of disruptive technology. Researchers and entrepreneurs will have the chance to 
shape the development of Quantum-AI, which will not only lead to operational excellence but also 
contribute to the creation of a more sustainable, equitable, and sustainable global economy, thanks to 
the opportunities these new fields present. Only at this moment will the individuals who are starting 
their journey will occupy the spotlight in the decades to come. 
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